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Abstract 
In today’s highly competitive and customer-centric business environment, effective 

complaint management is essential to retaining consumer trust and satisfaction. Traditional 

complaint handling processes, often manual and time-consuming, have proven inadequate 

in addressing the speed and personalization demanded by modern customers. This study 

explores the strategic application of Artificial Intelligence (AI) optimization models in 

managing customer complaints across various sectors. The research investigates how AI 

technologies such as chatbots, Natural Language Processing (NLP), sentiment analysis, 

and machine learning algorithms are transforming complaint resolution by improving 

response times, accuracy, and overall customer experience. Using a mixed-method 

approach, data was gathered from organizations currently employing AI-driven complaint 

systems and customers who have interacted with such systems. Findings revealed that AI 

significantly enhances the efficiency of complaint handling, automates repetitive tasks, and 

provides data-driven insights for proactive service improvements. Moreover, AI tools were 

found to improve personalization in responses and detect emotional cues, which 

contributes to better customer engagement. Despite these advantages, the study highlights 

challenges such as the risk of depersonalization, algorithmic bias, and the need for 

continuous training of AI models. To maximize the benefits, a hybrid strategy that 

combines AI tools with human oversight is recommended. The study concludes that AI 

optimization models offer scalable and intelligent solutions to complaint handling, leading 

to improved customer satisfaction and operational efficiency. Future research should 

further explore industry-specific adaptations and the long-term impact of AI integration on 

customer relationship management. 
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1. Introduction 

1.1 Background of the study 

Customer complaints are an inevitable part of doing business, yet they represent an opportunity for improvement, customer 

engagement, and brand loyalty. Handling complaints effectively can significantly enhance a company’s reputation and customer 

retention (Zhang et al., 2024). In a world where customers have higher expectations for service quality and responsiveness, 

businesses are increasingly turning to Artificial Intelligence (AI) to optimize their complaint management processes (Faed et al., 

2016). AI can play a pivotal role in automating and improving the efficiency of complaint handling, enabling businesses to 

respond more quickly and effectively (Okeke et al., 2024). Through technologies like machine learning, natural language 

processing (NLP), and sentiment analysis, AI can automatically identify, categorize, and prioritize complaints based on urgency
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and severity (Silva et al., 2024). AI tools can also analyze 

customer sentiments to craft personalized responses, thereby 

improving the customer experience. By automating many 

aspects of complaint handling, AI not only reduces response 

times but also minimizes human errors, ensuring that 

customers receive accurate and timely resolutions. 

Additionally, AI-driven models can learn from past 

interactions, continuously refining their approach to handling 

future complaints (Singh, 2022). The integration of AI into 

customer complaint management has the potential to 

revolutionize how companies address and resolve customer 

dissatisfaction, ultimately improving customer loyalty and 

satisfaction. Despite the growing importance of customer 

service, many businesses still face significant challenges in 

managing customer complaints effectively Patil, 2024). 

These challenges include delayed response times, 

inconsistent quality of service, insufficient resources to 

handle complaints efficiently, and the inability to respond to 

a large volume of complaints. As companies grow, the 

traditional methods of handling complaints, such as phone 

support or email, often become overwhelmed, leading to poor 

customer experiences (Upadhyaya, 2024). The complexity of 

customer complaints can vary greatly, requiring a nuanced 

understanding of the issue at hand. This is where AI 

optimization models come into play. While AI has the 

potential to enhance customer service, many businesses have 

not yet fully leveraged AI tools to streamline complaint 

resolution processes (Kansal & Singh, 2024). This creates a 

gap in the effective use of AI to optimize complaint 

management and improve customer satisfaction. Therefore, 

this study aims to explore how AI can be integrated into 

customer complaint management processes to enhance 

efficiency and customer experience (Banga & Peddireddy, 

2023). The primary objective of this study is to investigate 

the role of AI in optimizing customer complaint handling and 

its subsequent effect on customer satisfaction. Specific 

objectives include; To analyze how AI models can automate 

and optimize customer complaint management. To assess the 

impact of AI on customer satisfaction and retention through 

improved complaint handling (Inavolu, 2024). To explore the 

effectiveness of AI-based tools, such as chatbots, predictive 

analytics, and sentiment analysis, in managing complaints. 

To evaluate the long-term benefits of using AI optimization 

models in enhancing customer loyalty and reducing 

complaint escalation (Singh, 2021). The significance of this 

study lies in its potential to enhance the understanding of how 

AI can optimize customer complaint management and 

contribute to better customer service outcomes. In today’s 

competitive business environment, the ability to efficiently 

manage customer complaints is crucial for retaining 

customers and building brand loyalty (Hennebold et al., 

2022). This research aims to provide valuable insights for 

businesses looking to improve their complaint handling 

processes, as well as to help them understand the 

effectiveness of AI-driven optimization models. By focusing 

on AI-based strategies for complaint management, the study 

will provide evidence on how these technologies can lead to 

faster, more accurate responses, thereby improving customer 

satisfaction (Campbell et al., 2020). Additionally, it will offer 

insights into the long-term impact of AI on customer 

retention, helping businesses create stronger customer 

relationships through effective complaint resolution. The 

findings from this study can also contribute to the academic 

literature on AI applications in customer service and provide 

practical recommendations for businesses considering AI 

integration (Mane, 2023). The scope of this study focuses on 

the use of AI optimization models for handling customer 

complaints across various industries (Huang, & Rust, 2021). 

While AI is applied in many customer service areas, this 

study specifically examines its use in complaint management 

systems. The industries selected for this study include e-

commerce, telecommunications, and hospitality, which are 

known for handling large volumes of customer complaints 

(Akyüz & Mavnacıoğlu, 2021). This study will not cover 

other AI applications in customer service, such as sales 

automation or marketing personalization, which are outside 

the focus of complaint resolution (Deng et al., 2020). 

Additionally, while the study will focus on the technical 

aspects of AI optimization, it will not delve into the technical 

development or coding of AI models but will instead focus 

on their application in real-world scenarios. 

 

1.2 Literature Review 

Customer complaints are defined as expressions of 

dissatisfaction with a company’s products or services. 

Complaints arise when customers’ expectations are not met 

or when they experience a perceived failure in service 

delivery (Kuhar et al., 2024). They can take many forms, 

including negative feedback, poor reviews, formal 

grievances, or social media posts. The types of customer 

complaints vary, ranging from product defects, delayed 

deliveries, poor customer service, to more complex issues 

like billing errors or unresolved technical problems. The 

impact of customer complaints on businesses can be both 

direct and indirect (Cao, 2022). On the one hand, complaints 

can damage a company’s reputation, leading to customer 

churn, negative word-of-mouth, and loss of potential business 

(Silva et al., 2024). On the other hand, when handled 

effectively, complaints can become opportunities for 

improvement, customer engagement, and brand loyalty. 

Addressing complaints promptly and satisfactorily can 

transform a dissatisfied customer into a loyal advocate, while 

mishandling complaints can lead to customer attrition and 

long-term damage to the business’s reputation. Therefore, 

understanding and managing customer complaints 

effectively is crucial to maintaining high levels of customer 

satisfaction and loyalty (Okeke et al., 2024). AI plays an 

increasingly important role in enhancing customer service by 

automating tasks, improving accuracy, and optimizing the 

overall customer experience. In complaint management, AI 

can significantly improve how businesses respond to and 

resolve customer issues (Adekunle et al., 2023). Key AI 

technologies that play a role in customer service include; 

Chatbots: AI-powered chatbots can handle basic customer 

complaints by providing instant, automated responses 

(Kaluarachchi & Sedera, 2024). They are available 24/7 and 

can resolve a range of common issues without human 

intervention. For more complex queries, chatbots can escalate 

the issue to a human representative, thereby improving 

overall response time and reducing wait times for customers. 

Sentiment Analysis: Sentiment analysis leverages natural 

language processing (NLP) to detect emotions in customer 

feedback (Kansal & Singh, 2024). By analyzing the tone, 

mood, and context of customer complaints, businesses can 

assess the urgency and severity of the issue, enabling more 

personalized and timely responses. It also helps to categorize 

complaints based on their emotional intensity (e.g., 

frustration, anger, disappointment), allowing businesses to 
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prioritize their actions accordingly (Alonge et al., 2023). 

Predictive Analytics: AI-driven predictive analytics tools 

analyze historical complaint data to forecast future issues or 

customer behavior. By identifying patterns, businesses can 

predict recurring problems, address them proactively, and 

personalize their approach to complaint handling. Predictive 

models can also help determine which customers are likely to 

escalate issues or leave the brand, allowing companies to 

intervene before dissatisfaction turns into a loss (Rane, 2023). 

AI optimization models refer to the use of machine learning 

(ML) algorithms and data-driven models to optimize the 

process of complaint management. These models can analyze 

large datasets, identify trends, and make real-time decisions 

that improve the efficiency of handling customer complaints 

(Ozay et al., 2024). The following are key AI optimization 

models used in complaint handling; Machine Learning 

Algorithms: These models use historical complaint data to 

train systems to recognize patterns and trends, which helps 

predict the types of complaints that are likely to arise and how 

to resolve them effectively (Susanto & Khaq, 2024). They 

can also automate routine tasks such as categorizing 

complaints, determining the root cause of the problem, and 

assigning appropriate solutions. Decision Trees and Neural 

Networks: Decision trees and neural networks are advanced 

machine learning models that can optimize complaint 

resolution by evaluating multiple factors in real-time, such as 

the nature of the complaint, customer behavior, and urgency. 

They can provide more accurate solutions and suggest 

personalized responses that improve customer satisfaction 

(Onukwulu et al., 2023). Clustering and Segmentation 

Models: AI clustering techniques, such as k-means 

clustering, group customer complaints into similar 

categories. This allows businesses to identify common issues 

and tailor their approach accordingly, ensuring that each 

customer receives an appropriate and timely resolution 

(Boopathi et al., 2023). Efficient complaint handling is 

crucial for several reasons. First, it directly influences 

customer satisfaction, as customers expect quick and 

effective resolutions to their problems. Long wait times or 

unresolved issues can lead to frustration, and, ultimately, 

customer churn. AI plays a key role in reducing response 

times by automating basic complaint management tasks and 

offering 24/7 support (Mathew et al., 2023). AI tools, such as 

chatbots and predictive analytics, can improve service quality 

by providing consistent, timely responses, minimizing human 

error, and allowing human agents to focus on more complex 

issues. AI-driven systems are also capable of handling large 

volumes of complaints simultaneously, ensuring that no 

customer is left waiting for a resolution (Rathore, 2023). 

Furthermore, AI models can identify recurring issues, 

enabling businesses to proactively address root causes and 

prevent future complaints, thereby reducing the overall 

complaint volume. Several strategies can be employed to 

optimize customer complaint handling using AI; Automated 

Responses: AI tools, such as chatbots and virtual assistants, 

can be used to provide instant, automated responses to 

common customer complaints (Hicham et al., 2023). These 

responses can be tailored to the specific issue based on the 

data gathered by the AI model, offering personalized 

solutions that increase customer satisfaction. Predictive 

Analytics: By analyzing historical data, predictive analytics 

can anticipate customer complaints before they escalate, 

allowing businesses to take proactive measures. For instance, 

if a particular issue is trending, AI models can alert customer 

service teams to address it immediately, reducing the 

likelihood of customer dissatisfaction. Sentiment-Based 

Prioritization: Using sentiment analysis, AI can gauge the 

emotional tone of customer complaints and prioritize the 

most urgent cases. Complaints that indicate high levels of 

frustration or anger can be flagged for immediate attention, 

while lower-priority complaints can be handled in due course 

(Richey et al., 2023). Escalation Systems: For more complex 

or high-stakes complaints, AI can initiate an escalation 

process, routing the issue to the appropriate human agent. AI 

can even recommend potential solutions based on the data it 

has analyzed, facilitating faster resolutions when a human 

agent becomes involved (Mane, 2023). 

Several studies have explored the effectiveness of AI in 

complaint management, demonstrating its ability to improve 

response times, reduce operational costs, and increase 

customer satisfaction. A study by Choi et al. (2022) found 

that AI-driven customer service systems, including chatbots 

and sentiment analysis, significantly reduced the time to 

resolve complaints and improved customer engagement. 

Furthermore, research by Gupta et al., (2023) highlighted the 

success of predictive analytics in identifying and mitigating 

recurring complaints before they affect customer loyalty. In 

the hospitality industry, AI-powered complaint management 

systems were shown to improve the customer experience by 

providing quicker responses and better personalization, 

which ultimately led to higher satisfaction scores and repeat 

business (Aldoseri et al., 2023). However, there are gaps in 

research, particularly in the integration of AI models with 

human agents. While AI can handle routine complaints, the 

role of human intervention in more complex cases requires 

further exploration. Additionally, long-term studies on the 

impact of AI on customer retention are limited (Zhong et al., 

2023). While existing studies highlight the positive impact of 

AI on customer complaint management, several gaps remain 

in the literature; Integration with Human Agents: Most 

studies focus on AI handling complaints autonomously, but 

there is limited research on how AI systems can work in 

tandem with human agents to provide a hybrid model of 

complaint resolution (Tulli, 2023). Long-Term 

Effectiveness: There is a lack of long-term studies examining 

the sustained impact of AI-driven complaint management 

systems on customer loyalty and retention. Sector-Specific 

Insights: More research is needed to assess the effectiveness 

of AI in complaint handling across different industries, as 

each sector has unique challenges and requirements (Hua et 

al., 2023). 

 

2. Methodology 

2.1 Research Design 

The study adopted a mixed-methods research design, 

combining both qualitative and quantitative approaches. The 

qualitative aspect provided in-depth insights into the 

experiences of customers and businesses that used AI in 

handling complaints. Interviews and case studies were 

conducted to capture the subjective experiences and 

perceptions of those directly involved in the complaint 

handling process, such as customer service representatives 

and AI system developers (Aljohani, 2023). The quantitative 

aspect focused on gathering numerical data related to 

customer satisfaction, complaint resolution times, and AI 

performance metrics. Surveys and statistical analysis were 

used to quantify the effectiveness of AI optimization in 

complaint handling, providing objective data to complement 
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the qualitative findings (Ozdemir, 2023). 

 

2.1.1 Population and Sampling 

The target population for this study included two main 

groups; Businesses Using AI for Complaint Management: 

This group consisted of companies across various industries 

that had implemented AI optimization models (e.g., chatbots, 

predictive analytics, sentiment analysis) in their customer 

complaint handling processes (Velásquez-Henao et al., 

2023). These businesses ranged from retail and e-commerce 

platforms to telecommunications and hospitality industries. 

Customers Involved in the Complaint Process: The second 

group consisted of customers who had interacted with AI-

driven complaint management systems in the past. These 

customers were selected based on their experience with AI 

tools in the context of handling complaints. A stratified 

sampling method was employed to ensure that participants 

from different industries and demographic backgrounds were 

represented (Ai et al., 2023; Mazikana, 2019). The sampling 

frame included a mix of large corporations, medium-sized 

businesses, and small enterprises to gain a comprehensive 

understanding of AI’s impact across various organizational 

scales. A minimum of 200 survey respondents were targeted, 

with an additional 10-15 businesses selected for case studies 

and interviews. 

 

2.1.2 Data Collection 

Data were collected using both primary and secondary 

sources. A structured questionnaire was developed and 

distributed to customers who had used AI systems to lodge 

complaints. The survey focused on their satisfaction with the 

AI-driven response, perceived effectiveness, and overall 

experience (Lowenstein, 2014; Mandal, 2016). Additionally, 

businesses were surveyed regarding their use of AI 

technologies in complaint management and their operational 

outcomes. Semi-structured interviews were conducted with 

key personnel from businesses that used AI for complaint 

handling, such as customer service managers, AI system 

developers, and data scientists (Lotko & Korneta, 2019). The 

interviews sought to understand the strategic implementation 

of AI systems and the challenges and benefits associated with 

AI-based complaint management. In-depth case studies were 

conducted on a select group of businesses that had 

successfully integrated AI into their complaint management 

systems (Liu et al., 2021). These case studies provided 

detailed examples of how AI optimization had been 

implemented and its impact on customer satisfaction, 

complaint resolution time, and business performance (Li et 

al., 2023). Published reports, industry studies, and academic 

papers were reviewed to complement the primary data 

collection and provide a broader perspective on AI-driven 

complaint management. 

 

2.1.3 Data Analysis 

The analysis was conducted using both qualitative and 

quantitative methods. Data from the surveys were analyzed 

using statistical methods, such as descriptive statistics, 

correlation analysis, and regression models, to assess the 

relationship between AI-driven complaint management 

practices and customer satisfaction (Alkitbi et al., 2020; 

Almohaimmeed, 2019). Variables such as complaint 

resolution time, customer satisfaction scores, and frequency 

of complaints were analyzed to determine the effectiveness 

of AI models in enhancing complaint handling (Alimamy & 

Gnoth, 2022; Alshurideh, 2016). The qualitative data from 

interviews and case studies were analyzed using thematic 

analysis. This involved identifying common themes and 

patterns in the data, such as customer concerns, employee 

experiences, and the perceived benefits and limitations of AI 

optimization in complaint handling (Al-Araj et al., 2022). 

Sentiment analysis was also applied to the qualitative 

feedback from customers, allowing for a deeper 

understanding of their emotions and satisfaction levels with 

the AI-driven complaint process (Al-Hashem et al., 2022). 

Data on the performance of AI systems (e.g., accuracy of 

chatbots, prediction models, sentiment analysis) were 

evaluated based on metrics such as response time, resolution 

rate, and the accuracy of AI responses (Al Hadwer et al., 

2021). This involved collaboration with businesses to gather 

data on the operational success of the AI systems they used 

for complaint management. 

 

2.1.4 Validity and Reliability 

Ensuring the validity and reliability of the research 

instruments and data collection process was crucial for the 

credibility of the study. The following measures were taken; 

The research instruments (surveys and interview guides) 

were reviewed by experts in the fields of AI, customer 

service, and research methodology to ensure that the 

questions accurately measured the concepts being studied 

(Uzunoğlu & Kip, 2014; Loureiro et al., 2018). A pilot test of 

the survey and interview instruments was conducted with a 

small sample before the full-scale data collection to identify 

potential issues in the questions and refine the instruments 

based on feedback (Pandita & Ray, 2018). To ensure 

consistency, the survey instruments were pre-tested to 

calculate the internal consistency (using Cronbach’s alpha) of 

the scales. For qualitative interviews, an inter-rater reliability 

approach was used, where two or more researchers 

independently analyzed the same interview transcripts to 

ensure consistent coding and theme identification (Mthembu 

et al., 2018; Jones & Vogl, 2020). The use of multiple data 

sources (surveys, interviews, case studies) helped ensure the 

reliability of the findings by cross-verifying results from 

different methods and perspectives. 

 

2.1.5 Ethical Considerations 

Ethical guidelines were followed throughout the research 

process to ensure the protection of participants’ rights and the 

integrity of the study. All participants were informed about 

the purpose of the study, the voluntary nature of their 

participation, and the confidentiality of their responses 

(Nyadzayo et al., 2011). Written consent was obtained from 

all participants. Personal and company data collected during 

the study were kept confidential (Di et al., 2018). Data were 

anonymized to ensure that individuals or businesses could not 

be identified from the findings. Participants were informed 

about the use of AI in the complaint management process and 

how the research data would contribute to the broader 

understanding of AI optimization (Itam et al., 2020). Any 

potential conflicts of interest or biases were disclosed. 

Participants had the right to withdraw from the study at any 

point without any consequences (Vallaster & De Chernatony, 

2006; Asuinura, 2021). They also had the right to review and 

request corrections to the data that pertained to them. By 

adhering to these ethical considerations, the study ensured the 

rights and welfare of the participants were respected while 

maintaining the integrity of the research process. 
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2.2 Data presentation and analysis 

The data collected from surveys, interviews, and case studies 

were organized and visually represented using tables, bar 

charts, pie charts, and line graphs (Hamilton et al., 2023). 

These visuals illustrated key variables such as the frequency 

of customer complaints, average resolution time before and 

after AI implementation, customer satisfaction ratings, and 

the adoption rate of specific AI tools. 

 

 
 

Fig 1: A bar chart displaying the comparison of complaint resolution time in days across companies using traditional vs. AI-based systems. 
 

 

 
 

Fig 2: A pie chart illustrating the distribution of AI technologies employed by organizations (e.g., chatbots – 35%, NLP – 25%, predictive 

analytics – 20%, hybrid models – 20%). 
 

 
 

Fig 3: A line graph tracked changes in customer satisfaction levels over a 12-month period, showing noticeable improvement following the 

integration of AI systems. 
 

The analysis revealed that companies employed various AI 

optimization models to handle customer complaints more 

efficiently (Guseva & MacComascaigh, 2021; Halim et al., 

2022). The most common tools included, Natural Language 
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Processing (NLP) for sentiment analysis and automatic 

complaint categorization, Machine Learning (ML) 

algorithms for predicting complaint trends and outcomes, 

Chatbots and virtual assistants for first-level complaint 

handling and real-time response, Predictive analytics for 

identifying high-risk issues before they escalate (Gao. & Liu, 

2023; Ghaleb et al., 2021). Companies using these AI tools 

recorded an average 30–45% reduction in response and 

resolution time. In particular, organizations using NLP-

driven ticketing systems reported more accurate complaint 

routing, reducing miscommunication between departments. 

Predictive models helped prioritize complaints based on 

urgency and customer profile, which streamlined workflow 

and improved customer service response (Filip & Voinea, 

2012; Gilch & Sieweke, 2021). 

The study found a positive correlation between AI-powered 

complaint resolution and customer satisfaction. Survey 

results showed that 68% of respondents rated their post-AI 

complaint handling experience as “satisfactory” or “very 

satisfactory,” compared to only 42% before AI integration. 

Retention rates improved by 25% in companies using AI 

optimization models. Net Promoter Score (NPS) increased by 

an average of 12 points post-AI adoption (Fan et al., 2022). 

Customers appreciated faster response times and the 24/7 

availability of AI chatbots, though some expressed concerns 

about the lack of empathy or personalization in automated 

interactions. The data suggested that while AI models 

enhanced operational efficiency and customer response 

times, customer satisfaction improved significantly when AI 

tools were integrated with human oversight or escalation 

pathways (Engelvuori, 2021). The findings underscored the 

strategic role of AI optimization in transforming complaint 

handling into a proactive, data-driven process. The 

integration of machine learning and NLP allowed businesses 

to analyze complaint patterns, predict issues, and personalize 

responses (Egbuhuzor et al., 2021). This led to reduced 

friction in the resolution process and improved customer 

trust. While automation greatly increased efficiency, the 

study noted the importance of balancing AI with human 

empathy, particularly in complex or emotionally charged 

complaints. Case studies also highlighted that successful AI 

implementations depended on staff training, data quality, and 

continuous model refinement (Duncan, 2021). The findings 

supported the hypothesis that AI optimization models 

significantly improved complaint handling efficiency and 

positively influenced customer satisfaction and loyalty. 

 

3. Conclusion 

The study revealed that artificial intelligence (AI) plays a 

transformative role in handling customer complaints 

efficiently. Data analysis demonstrated that AI 

technologies—such as chatbots, Natural Language 

Processing (NLP), and predictive analytics—significantly 

reduced complaint resolution time and improved customer 

satisfaction rates. Organizations using AI models saw 

measurable improvements in complaint classification, 

prioritization, and timely resolution, contributing to increased 

customer retention and loyalty. Notably, the integration of AI 

tools allowed companies to identify patterns in customer 

grievances, predict emerging issues, and automate first-level 

responses. While AI enhanced operational speed and reduced 

service errors, the findings also underscored the importance 

of combining AI systems with human oversight to address 

more complex or emotionally sensitive complaints. AI 

optimization models have proven effective in reshaping the 

landscape of customer complaint management. By 

automating repetitive tasks, offering 24/7 support, and 

enabling data-driven decision-making, AI enhances both the 

efficiency and quality of customer service. This leads to 

improved customer experiences, reduced operational costs, 

and stronger brand loyalty. However, while the technology is 

powerful, its effectiveness is maximized when paired with 

human empathy and contextual understanding. Based on the 

findings, the following recommendations are proposed; 

Businesses should invest in scalable AI tools tailored to their 

customer service needs, such as NLP-enabled chatbots or 

sentiment analysis engines. AI systems should be trained with 

diverse and relevant datasets to ensure accurate complaint 

categorization and response. A hybrid model that combines 

AI with human agents should be adopted, especially for 

handling complex or high-emotion complaints. Regular 

evaluation and updating of AI algorithms are necessary to 

maintain accuracy and relevance in a changing consumer 

environment. Staff should be adequately trained to work 

alongside AI systems, focusing on human-AI collaboration. 

Future research can explore the long-term effects of AI-

driven complaint management on brand trust and customer 

loyalty. There is also a need to investigate the integration of 

AI with human agents (hybrid models) and how this synergy 

influences service quality. Additionally, sector-specific 

studies could uncover industry-tailored best practices and 

further validate AI’s role across different organizational 

contexts. 
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